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Try it out on 
explainer.ai
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Towards XAI
Structuring the Processes of Explanations 

Robust 
Methodology

(through observing other domains)



Research 

Project 

Overview
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What’s the role of humans 
in interpretability?

How much guidance is needed 
to enable effective XAI?

How much should we open 
the black-box?



Operationalizing Human-Centered Perspectives in XAI
Sat. May 8 & Sun May 9, 2021

@ 1300 EDT/ 1900 CEST

ICLR 2021 Workshop
Rethinking ML Papers 

Friday, May 7 2021
@ 800 EDT/ 1900 CEST

work with: Beatrice Gobbo

Structuring XAI using a Museum Metaphor



Human-Centered Evaluation

A Survey of Human-Centered Evaluations in Human-Centered Machine Learning
Fabian Sperrle, Mennatallah El-Assady, Grace Guo, Rita Borgo, Duen Horng Chau, Alex Endert, Daniel Keim
Computer Graphics Forum, 2021 (to appear)

Interdisciplinarity Complexity Participant Diversity Evaluation Focus
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http://bit.ly/xai-slackJoin the XAI Slack 
conversation! 

http://visxai.io/
Contribute to VISxAI! 

http://bit.ly/xai-slack
http://visxai.io/
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